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TRAINING ARTIFICIAL NEURAL NETWORK BY
INVAD ING ADAPT IVE GENET IC AL GORITHM

WANG Gail iang, WU Yan
(1 Deparment of Camputer Science and Technology, Tongji University, Shanghai 201804, China)

Abstract: A auitable chromosome encoding method, which could corregpond with the netvork one by one, was proposed
The ecies invasion genetic algorittm was used t train artificial neural netvorks In the invading process, the genetic
algoritm adjusts adgptively crossing operation and mutation operation A method based on the average fitness valueswas
proposed o detemine the scale of invasion gecies and a detailed description of the algorittm stepswas given  Finally,
the validity and superiority of the algorithm are proved by the expermental results
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Table2 Camparison result of Iris classification
Ta;Iel Campar ison resultsfor XOR problem (%) (%)
99 56 % 21
2986 75 223 6 95 100 BP 98 61 94 87
NNDT 3308 62 233 791 100 GA-ANN 9956 95 65

NEVT 5904 64 4 62 15 3 13 [3] 99 32 97. 39
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3 Iris
Table3 Camparison reault of test data of Irisclassification
(%)
150 98 57
BP 200 96 94
GA-ANN 210 97. 85
[3] 195 98 19
3
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