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Abstract: Using visible-near infrared pectra to classify different gecies of exopalaamon was studied Successive projec-
tions algorithm (SPA) combined with uninfomative variable elimination (UVE) were used to select effective wavelengths
from visible and near infrared (VisN IR) bands The slected effective wavelengthswere st as inputsof least square-sup-
port vector machine (LS-S/M) for the classification of three typical exopalaemon gecies namely, E carincauda, E

modestus and E orientis Kennard-Stone algoritm was used © select 150 sanples for calibration and the remaining 50
sanples for prediction Twelve effectivewavelengthswere selected by UV E-SPA, and theywere 392, 431, 517, 551, 595,
627, 676, 734, 760, 861, 943 and 1018 mm. The correct rate is92 00% for classifying samples in prediction st by L S
S/M model based on these tvelve effectivewavelengths The overall results demonstrate that it is feasible  utilizeVisN R
Pectrosoopy b classify different gpeciesof exopalagmon, and UV E-SPA can extract the most effective wavelengths o build
the LS-S/M model with an optmal classification result
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Fig 1 Original aborbance gectra of exopalaemon from three 2 UVE RM SECV
typical ecies Fig 2 RV SECV plotof different numbersof principal compo-

nents by UVE, whereN is number of principal canponents
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Tablel Classification results of exopalaenon fram three typical gpeciesby L SSSYM models by using different pretreatment
and var iable slection methods

pretreament variable selection methods variables calibration t(n =150) prediction =t(n =50)
oorrect rate(%) correct rate(%)
rav none 700 99 33 90 00
G+ \V none 700 100 00 88 00
1-Der none 700 96. 67 84. 00
2 - Der none 700 86 67 78 00
rav UVE 291 100 00 88 00

rav UVE-SPA 12 98 67 92 00
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Fig. 3  Stability distribution of UVE when nine components
were considered. Two horizontal dot lines represent the thresh-

old boundaries
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