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Abstract: Sectral mixture analysis (34A) isone of themost mportantmethods in remote sensing image processing Trar
ditional MA asaumes a constant ectral signature for each endnember However, the endmember ectral variability com-
monly exists, which leads o the lower accuracy of pixel utmixing In order © lve thisproblem, a novel utmixingmethod
based on Fisher discriminant analysis (FDA) was developed FDA aimed o find a linear cambination of the gpectral bands
for getting the largest sgparation degree anong the endmanmber Pectra, i e snall variability of ectra inside one endmenber
group but a large difference of gectra anong endnember groups M ixture pixel was urmixed by using trandoimed gectra, as
a reqult, the adverse mpact caused by endnember gpectral variability on urmixng accuracy could be diminished to a large ex-
tent A laboratory experimentwas designed o obtain a group of mixed gectrawith endnember ectral variability Themeas
ured pectrawere usd b test the perfomance of the new method and the traditional 31A methods The comparin reaults
auggest that the nev method outperfoms the traditional methodswith considerable impovement of urmixing accuracy
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Fig 3 Scatter plot of endnember and mixed pixels in the feature
pace (a) feature pace of the first tvo PC components (b) feature
Pace of the first tvo Fisher discriminating components
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Fig 4 Camparin of fractions estimated by the nev method
and least square method for PCA -possessed ectra (a) vegeta
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