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Abstract: The advantage of nonunifomity correction algorithm based on recursive least squares(RLS) in IRFPA lies in its
lov computational camplexity and memory requirements, which makes it easy o meet the need of projects However, RLS
is not auitable for the real algoritmic model campletely since the noise parameter fitted in RL S exists severe deviations

Thus, a novel nonunifomity correction algoritrm based on recursive mixed least squares(RMLS) was developed In this
nav algoritm, RL Swas substituted by RML S for monunifomity correction Thisproposed algorittm notonly has all the ad-
vantages of RL'S, but al® getsmore excellent reqults in estimation precision and convergent peed The expermental results
alo damonstrate the effectiveness of the algoritm.
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(ab) Frame 20(p=0.1285) (ac) Frame 200(p=0.0672)
(a)
(ba) Frame 2(p=0.1633) (bb) Frame 20(p=0.0737) (bc) Frame 200(p=0.0614)
(b)
2 (a)RLS (b)RMLS
Fig 2 Recursive correction results of the tvo algoritms (a) corrected by RL S (b) corrected by RML S
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