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STUDY ON THE COM BINATIONWEIGHT AL SMODHE. FOR
DETERM I NG SSC OF PEACH BASED ON THE OPTIM AL
INFORMATION REGIONSOBTAINED FROM iFLSM ETHODS

WANG Jia-Hua, L I Peng-Fei, CAO NanNing, HAN Dong-Hai
(College of Food Science & Nutritional Engineering, ChinaA gricultural U niversity, Beijing 100083, China)

Abstract: Backward interval partial least squares (BiFLS) and synergy interval partial least squares (SIFLS) were pro-
posed o search for an optimized cambination of information gectral intervals about sluble lids content (SC) from Vis/
N IR gectra of peach A linear canbination weight A Smodel was developed on the basisof the slected infomation inter-
vals The ectrawere preprocesed by second-order derivative and Savitzky-Golay snoothing It is found that the selected
reault is the best when the interval number is15 The information intervals selected by BiRLS are 742  770rm and 862
920rm, while those slected by SIFLS are 742  770rm, 832 860rm and 892 920rmm. For BiAL S and SiFL Smodels of
direct combination intervals, the rootmean square error of prediction (RM SEP) are Q 386 and Q 308, regectively And
for the AL Smodelsof linear combination weight, the RM SEP are O 351 and Q 364, regectively The reaults reveal that
the proposed method overcames the difficulties that the different information intervals for the complicated samples have dif-
ferent contribution to AL Smodels Themetlod is very pramising for vibrational gectroscopy and it givesmuch better predic-
tion than the whole-gectrum AL Smodeling

Key words visual/near infrared gpectrum; interval partial least squares (iFLS) ; combination weight AL Smodel; sluble
olids content (SC)
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Tablel Statistics of SSC n peach of calibration and pre-
diction data sets (°Br ix)

Sanple £t Number of sanples Range Average Standard deviation
= calibration 130 63 120 893 117
g prediction 42 68 111 890 109
£
[}
£ .
< 2 BiPLS

Table2 Optimization result of BiPL S for different num-
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Fig. 1 Original Vis/NIR spectra of peach
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Fig. 2 Spectra after preprocessed by second-order derivative

and Savitzky-Golay filter smoothing
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