27 1 Vol 27, Na 1

2008 2 J InfraredMillm. W aves Februaby, 2008
: 1001 - 9014 (2008) 01 - 0047 - 04
1 2 1 1 1
] ] ] ]
(1 , 200240;
2 : 100854 )
. Fukunaga-Koontz , , )
, . , Fuku-
naga-Koontz , Fukunaga-Koontz ,

Fukunaga-Koontz
: Fukunaga-Koontz ; ; ;
:TP391 41 AN

DETECT INFRARED PO I NT TARGETS BASED ON KERNE
FUKUNAGA-KOONTZ TRANSFORM

LIU RuiMing, LIU Er-Qf, YANGJi¢, ZHANG Tian-Hao', WANG FangL in'
(1 Inst of mage Processing and Pattern Recognition, Shanghai Jiao Tong U niversity, Shanghai 200240, Ching;
2 Inst of the Second Acad , CASIC, Beijing 100854, China)

Abstract: Fukunaga-Koontz trandom (FKT) isa pattem recognition ol for wo-class problens It can only cepture the
second-order statistical featuresof mageswithout considering high-order statistical p roperties because it stensfram the prin-
cipal camponent analysis (PCA). S the satisfying detection performance can hardly be achieved For improving the detec-
tion perfomance, Fukunaga-Koontz trandom was firstly extended o the higher-dimensional ace in order o capture the
higher-order statistics of mages in this study. And it isnamed as kermnel Fukunaga-Koontz trandom  The kemel Fukunaga-
Koontz trandom can be used o detect infrared point targets
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Fig 1 (a)An imagewith ky background (b) An imagewith
ground background (c) An imagewith sea background
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