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Abstract: The genetic algorithm was used to optimize the full structure radial basis probabilistic neural networks( RBPNN) |
- including selecting the hidden centers vectors of the first hidden layer and determining the matching controlling parameters
of kernel function of RBPNN. The proposed genetic encoding method not only completely embodies the space distribution
characterizes of pattern samples, but also simultaneously achieves the optimum number of the selected hidden centers vec-
tors and the matching controlling parameters of the kernel function. The novelly constructed fitting function can efficiently
control the error accuracy of the RBPNN output. The experimental results show that the algorithm effectivelfies simpliy the
structure of PBPNN.
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Fig.2 The genetic optimization curves of number of the se-
lected hidden centers versus genetic algorithms iterations for
two spirals discrimination problem
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