F2BHEE LS
2004 4£2 A

g5 5 2 K B F iR

J. Infrared Millim. Waves

Vol. 23, No.1
February ,2004

TR E 1001 -9014(2004)01 - 0055 - 04

BT AR % NG 2R

KZR,

x4,

RFT

(FERBFRHERFEE F TREERBE IR ST EEFPTIT, B R 710071)

WERFAHZAEM T AMEERANES ISR HEARHSHNEARBREAS A BAARANED SR
AEAATANE, ERAEAFNHNEN. A EXREN LT ERBEBENLIRERRY AT ERAREN

REWHER.
X 8 R:ANSRLHEREGTR;RFHE
REASHE.TNGST. 52 RIRINM:A

MODEL FOR SEA CLUTTER BASED ON
NEURAL NETWORK

LIN San-Hu,

ZHU Hong,

ZHAO Yi-Gong

(Institute of Pattern Recognition and Intelligent Control, School of Electronic Engineering,
Xidian University, Xi’ an 710071, China)

Abstract: The dynamic model of sea clutter based on phase space reconstruction was presented. The model parameters ob-
tained by neural network were employed to cancel sea clutter in radar echo by prediction. Real clutter data collected by ra-
‘dar were used to test the model. The result illustrates good performance in sea clutter cancellation.
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Fig. 1 Multi-layer feedforward neural network
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Fig.2 Study of sea clutter
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