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FACE RECOGNITION BASED ON FRACTAL
AND GENETIC ALGORITHMS”

CHEN Gang QI Fei-Hu
tDepartment of Computer Science P Engineering «Shanghai Jiaotong University. Shanghar 200030, China)

Abstract This article proposed a new face recogmrtion approarch based on fractal and genetic algorithms for limited
population. A face image was divided into many small regions to keep 2D information and then fractal features of
each region were calculated. The same mode has multiple samples and the best cluster solution was got by using
genetic algorithm. Thus an invariant recognition was reached. Finally a face recognition experiment using ORL
face database was presented. Eigenface. auto-associative neural network and the new method were compared and

the result shows that the recognition rate ol the new method 1s close to that of eigenface and is better than that of

auto-associative neural netwotk.
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Fig. 1 Texture image example
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Fig. 2 Basic steps of GAs : Fig. 3 Basic steps of face recognition
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Fig. 4 Face images for training
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Fig. 5 Some of the face images for recognition
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Table 1 Results of the recognition
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Table 2 Comparison of three methods
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