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LEARNING ALGORITHM BASED ON THE
SUPERPOSITION OF INFORMATION®

WANG Hai-Long QI Fei-Hu
{Department of Computer Science & Engineering . Shanghai Jinotong University, Shanghai 200030, China)

Abstract A new iterative learning algorithm based on the superposition of information was proposed. Because the pro-
totype patterns of synergetic neural network (SNN) has the ability of superposition of information+ the new algorithm
can modily the prototype patterns using the pattern, of which the recognition rate is the lowest during training as the
feedback. The test upon the samples from real environment shows that the new algorithm has the characteristic of
strong ability of optimel searching and the shorteness of training time. Additionally, the comparison of training perfor-
mance between the new algorithm and selection algorithm of prototype patterns based on genetic algorithm (SAPPGA)

was made,

Key words prototype pattern, order parameter, synergetic neural network (SNNJ, genetic algorithm.
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Fig. 1 Calculated prototype patterns and adjoint patterns through

learning algorithm based on the superposition of information

(a) prototype patterns: (b) adjoint patterns
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Fig. 2 Calculated prototype patterns and adjoint patterns through selection
algorithm of prototype patterns based on genetic algorithm
(a) prototype patterns, {b) adjoint patterns
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Fig. 3 Training performance of learning algorithm based on superposition

of information (N means iteration number, B means recognition rate)
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Fig. 4 Training performance of selection algorithm of prototype patterns based
on genetic algorithm (N means iteration number, F means fitness
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