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GABOR WAVELET FILTER BASED MULTI-SCALE RECOGNITION
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Abstracit  The theory of Gabor wavelet filter was discussed. Mulri-scale recognition for infrared images was carried out
on the basis of Gabor wavelet filter. and the computer simulation experiments were done. The experiment resulrs show

that the algorithm proposed in this paper is available and efficient.
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Fig. | Original infrared image
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Fig. 2 A ser of Gabor wavelet filters
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Table } Influence of scale parameter values on error rate
L o-=10. 54 a0, 7A a,=10. a1 o, =0. 74
g, =1, 54 oy =54 a,=u. 1A o, =0, 74
5 A 12 of 11.8% 12, 1% 12.3%
ey 73" 7Sk B 5" Q.10
6 v 8,10 9. 7% 10, 1% 13.1%

g o 9. 3% 15.4% 13 4% Il 1h
W 12.9%, 23.5% 17. 4% i.3%
*2 BEBHEE
Table 2 Optimal values of the parameters

B 1% ) n A Uy o,

128~ 128 2 1 s 0. 54 0. 54

356 = 236 4 e i, Ta 0. 5h

512 - 512 2 1 v 0. 7h o, 5%
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Table 3 Comparison of classifiers in terms of error rate

L -4 -4 3T Fisher = gL o g
2 gkt g A £tk KA o2 38 ¥ P
3 0d % 408", 4, 09% 3. 96" 3.30% 12, 44% 2345
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Tahie 4 Comparison of Gahor wavelet filter with Zernike invariant moments In terms of error rate

AR - FFEH B 17 % 5 £ 5 R %
Gabor Nk R i 2% 4,04% 2. 34 %
Zernike R E 16. 84%¢ D.14%
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