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LEARNING SAMPLE SELECTION IN MULTI-SPECTRAL REMOTE
SENSING IMAGE CLASSIFICATION USING BP NEURAL NETWORK

YU Xiu-Lan QIAN Guoe-Hut  ZHOU Jian-Lin  JIA Xiao-Guang
(Ddepartment ol Astronawie Electrnsaes ¥ Ohpno-Eloctrone Engineering: H ulun Institute of Technalogy-

Harbe, Hetdnngpang 170w - Chiant

Abstraet Through anzalvzing the influence of the learning samples’ location m the spec-
tral space on the accuracy of multi-spectral remote sensing image classtfication using BP
neural network, a method fur learntng samples =eleciton based on - distribution was pre-
sented and used mm TM image classification. The classified results of the 8 ground objects
with BP claszifter using different learning samples selecting methods and the Bayes clasaifi-
er show that the BP classifier with the presented learning samples selection method can not
only reduce the number of learning samples greatly which leads to shorter learning time.

but also improve the classification accuracy compared with the existing methods.

Key words learning samples selection, »* distribution. PP neural netwnrk . multispectral

remote 5ensing Image.
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