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Fig. 1 Basic architecture of a fuzzy logic system

1.2.1 #S#HN&ESR, THBREEREETRME SR, DESEMEATE].

1.2.2 SMLNE, & F0EN A TR 2R R . o b 3 R4 I SRt B s L .
BB AR - i HETIR then BAR UMM BRFEESTE. SR TURESE
B &AM NE.

1.2.3 fEAVLEH . I REYEE R MO, B AR E LR RS
ERTHETHRUAMREIEAHEY. HRREIEMRANT. yRERR. B EAEH
RAHIHN ¥ R1: 2 is Al.y Bl then z C1 fi#%f R2: = is A2,y B2, then = C2,T 4. ¥
W

o = pg {x,Y A pa (v

@, = prap{xy) A pp{ved (41



WREEETICE X 2, O AL F £ 2 B0 B B R R B8 R 4
1.2.4  EHIRIEEHER. TORLIR ST A b BN 25 (R B JE 800 2= (RIRG ML . B Al 7 B 20 80 r ik
EE 8 B COA(Center Of Areadds,

Zéon = % (5)
P Zooa RSN 2 BRHBRENTH.Z, RHERER JRESER . (2)F
AREEES R KRB

2 BN BHBARRSENRT

th T H R ik B (R i A R ROR S %5 R M H RS B R # A (A S
B H R T B R 4T A SR TRRBER S A 0k L R B e A T IR Y
B,

2.1 AR

MR 3 MM TESE (DX FHOREHRHEE SD.OREKES 949
B O ESREREEDL) BRESERMATILME].H
_ K. [BG.jYy — TG ) sgn[Cidf) ]

LAG.») )
Bl LA 7.7 BILPE R 16 DRIREG DRI, BG ) RRE G129 <9 555
KB sen[ BTSSR CUDNFTFREGCGHEEHASRENTHEKEZ Z.K.[ ]
SEXA ]

JU.n (8

K [x]= (N

2.2 AHRSHmMLE
A REESE i XA SR B L E A K, X R P RS EEME
R [EIRHES 05 H AR DO 85 R TTHREFIE J (YRR TSR FREEEA T,

#He, MET, <JG.n<T,
O ) =Jlﬁ‘irﬁ't~ MR IG5 > T, (8)
AHE. W TG, < TorT, < I, )<L T,

R, T.T.. T, RIS EFE R ENTIRE T, <T,<T. BRI 48 L08, k#5
BEFTRSR.H BSCHRELRETRE 38, X8R E bS8 N0 4 8EiH%.
2.3 MLERRGERR

Fe 1R ) SRR S 191 8 A28 1 S0 4] R B0 B IO 2 i . A ST R 7 o 7 S 4 S R B0
A0 E T S .
2.3.1 A BEFEEEBE: BARER LS. %A 8 A 4% K% (domainin-
tervaD) 7 B 2N +1 D F R, T ARATRN JBRARME. § FEELETURE. &



212 LA TEREFER 17 %

F R B 8E LA S Sow e Sonvr s [ HE BT 1R 58 5 B 835 = — TR B e 4T
M F = AR RS0 . | E R (R B A LR = AT aY S TR
4R R | BRGEE T A rg2ma SK 8L 2 SR b e 250

m ! - miSD)

s 5 Sam-s 505 Saney
10 1.0 —_—

0.0 W > Q0! ) >

of sD

Pl B e B AR Y-

Fiy. 2 Fuzzy member functions and fuzzy sets

2.3.2 L @EGEHEIEEAN, . Bl N A S TRMIDOR R A
B AT i (R U6 TR T P9 1B W 1 L 3 o R PR A LK Bl 3 A — B RL 0. f5il dnWif DI
BFS HSDIET S, HJBY S then ERELRHWEE (DIBTSYHSDET S,
JIBF S, then BEERTREE
2.3.3 MBS TR EEERD] CREER, 4 AT B e s, B
AT FHIFL 3 S0t A0 AT ST chen 85 R R 1T& F AR (A7 A4 e ey BN L SO
i3 SRR N D RN R WL @ - gL
2304 RN 2 a B g o SR HUE T A ) AR A
2.3.5 HyAHAER IEEWLE . RO RGO EC IFEME kS st R
RS0 N e A R TR 1 A et tH AR ER L N b ) D RV RE U RS g -
2.4 BRa5ENERIE

2E o PR Qb FE AT A 1 (R0 T O TS bR Bl B AR PR 1T S 69 H R R BRI S
PR fr i B AR S TR A5 77 0k M O b B v R0 30 O LT 4 DKL HEBR h -+ B )
) k22 S KB o H R AT A R LKA T R

3 &R

AR AR CRGEDS 2T 5 AZHR PR o030 O (9 2 ¥ A5 0 AR PR IR ) 4 42 M AR
7 # R AY H AR A R (3885 #1007 R KB FrBIAY RIS 2 768~ 512 fRAER 256 MK
PR R RS A SO L 17 R ARSI I 2 I A SR 7 3 e [ B 7 St P AR )
SRR £ 00 2 SRR AR R R A — B A0 647 SR BRI o0 T B S T RE LR 1 (Y
é" BOL RIS R 0 DR R B )7 538 S DN 33K B0 00 40 0 £ il 1 FAL DU B L G AT T 2

B AR R E T

M 3~7 MARTHE R 13 BKEER.E 4 RIENTRISR . H s RiFEthgR
Heh BT 6 A2 MBERRE 00 5 g 1 7t b BEA S R L T 7 EIR e ERSAAT I B R T A
L‘}}%Um‘i’biixé._ DF 3 TRE. AT 100 08 4B R Bl 2 5 e 98 %

HESRAL Y AR LT b P R AT TS BOTE 2 L 7E RO R X R e O A

-H—ﬁﬂ-ﬁlﬂﬂiﬁiﬁ%ﬂx_i‘%t&wﬁtr&ﬁiu (198 RE O 570 [ 1R A b PE R S A A,




31

iR e (MR B 4 PO () 9 L 7

[T A B M EA
Fig- " Clrgenal image Frg- 4 Segmentation image af
wlipive Threshulding

P o LR s ENTRE R TR b= B S H U N RN
Fig. 5 Segmentation inage Fig. 6 Segmentation image of fuzzy
rules and thresholding

nf edge selecuun

“1qa

P71 T

Fig. 7 Post-processing result of {igure 6
81 RFHURE T LR i v b R AR SCHR S AR R R T 4 £ RS A 5

& Ak AT T g .
®1 RS HNENMERELLR

Table 1 Comparison of several segment algorithms
W it e £ 4 i
B i 0§ 2 o L
138 Wik 2453 x =] -
PRI Feuf He o At




214 45Kk F it 17 &

REFERENCES

Weszka J S. Comput. Vision Graphics Image Process, 1978,7 ;259265

Sahoo P K. Compur. Vision Graphics image Frocess 1988,41:171~190

Lee SU, Chung S Y. Comput. Vidson Graphics Image Process,1990,52:171 ~190
Huang L K. Wang M ]. Patterr Recognition,1995,28:41~51

Wang I. X, Mendel J M. Proc. IEEE ISIC,1991,263 268

Lin C T George Lee C 8. MNeural Fuzzy System. Prentice Hall Press, 1996

f oI - S

OBJECT AREA LOCATION USING FUZZY RULES"®

XU Li-Ya LIN Cun-Qing QI Fei-Hu
(Departrment of computer Science and Engineering. Shanghat Jian Tong University

Shanghar 200030, Chime)

Abstract A method of image segmentation was presented which uses fuzzy rules com-
bined with thresholding method. The conventional thresholding technique is simple. fast
and easily implemented while the fuzzy rules can cope with those vnocertain data. The fu-
sion technique outperforms the adaptive thresholding method. The fuzzy rules are acquired

from the examples.
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