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EDGE-GUIDED SEGMENTATION METHOD FOR MULTISCALE
AND HIGH RESOLUTION REMOTE SENSING IMAGE

TAN Yu-Min', HUAI Jian-Zhu', TANG Zhong-Shi’
(1. School of Transportation Science & Engineering, Beihang University,Beijing 100191, China;
2. Department of Civil Engineering, Tsinghua University, Beijing 100084, China)

Abstract; In order to overcome the complexity of region merging in the segmentation of high resolution remote sensing ima-
ges, an edge-guided segmentation method for multi-scale and high resolution remote sensing image was proposed. First,
SUSAN operator was used to extract feature edges from the original test image. Then, a graph-based segmentation algorithm
was used in the first-stage image segmentation and the following region merging stage, and the extracted edges were effi-
ciently used to guide merging process. To validate the proposed method, two experiments were performed on QuickBird im-
age. The results were compared with the segmentation results of eCognition and method without edge-guide. The results

show that this proposed method can efficiently depress the region merging in low-contrast areas for the traditional image seg-

mentation algorithms, and make it possible to choose a reasonable segmentation scale in the whole image.
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Fig.2  The first-step segmentation results under different scales
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