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Abstract: This paper proposes a training sample selection algorithm for radar based on direct estimation of the CUT
clutter characteristics. The proposed method directly uses the sub-aperture covariance matrix of CUT to characterize the
clutter. Since the estimation process doesn't depend on training samples, the estimation of CUT is not affected by the
outliers. Moreover, considering the existence of target signal in the CUT, the proposed method removes the target com-
ponent from the sub-aperture covariance matrix of CUT based on clutter covariance matrix reconstruction, which utiliz-
es the clutter Capon spectrum integrated over a sector separated from the location of target. Compared with the tradition-
al generalized inner product algorithm which uses single snapshot to calculate the detection parameters, the new algo-
rithm uses the sub-aperture covariance matrix of the samples to characterize its statistical characteristics, obtaining more
stable results. The simulation results show that the proposed algorithm selects training samples more accurately.
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