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ELLIPTIC BASIS FUNCTION PROBABILISTIC NEURAL
NETEORK FOR CHARACTER RECOGNITION"

ZHANG Jun QI Fei-Hu YE Xiang-Yun
t Department of Compruter Scoence and Engineering « Shanghaé Jigotong University, Shanghai 200030, Ching)

Abstract An Elliptic Basis Function Probabilistic Nevwral Network (EBPNN Ymodel for
character reeognition with noise was proposed. which vses selective attentional parameters
extracted from statistic features of characters as elliptic basis funerion parameters.
EBPMNN is not only used for binary pattern recognition, but alse for continuous pattern
recognition. The experiments show that the recognition rate of EBPNN is better than that

of other neural netwaorks. especiatly under the noise circumstances.

Key words probabilistic neural networks. elliptic basis function. selective attentional pa-

rametels, character recognition.
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