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Knowledge-based image segmentation result 1 (a)gray image, (b)segme-tation by
threshod method. (¢)segmentation by the proposed method. (d)objects extracted
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Fig.2 Knowledge-Based image segmentation result 2, (a)gray image, (b)segme-tation
by threshod method, (c)segmentation by the proposed method, (d)objects extracted
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A KNOWLEDGE-BASED TARGET RECOGNITION SYSTEM*
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Abstract The technology proposed in the image target recognition consists of image seg-
mentation, invariant feature extraction and target classification. In this paper, a knowl-
edge-based approach is proposed for adaptive image segmentation. Invariant features about
image targets are extracted by Zernike moments. Object classification is completed by the
MPNN model. The experimental results show that the proposed system can be used to

recognize objects from the complicated background.
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