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Super resolution reconstruction for infrared dim point target

NIU Zhi-Bin, ZHOU Yue, SHI Kun
(Institute of Tmage Processing and Pattern Recognition, Shanghai Jiao Tong University, Shanghai 200240, China)

Abstract: A super resolution reconstruction method for dim point target detection in infrared image was presented. To
achieve this, local descriptor based dense flow calculation is introduced first. Then, the high accuracy flow is used to regis-
trate and fuse two adjacent images to generate the final high resolution image. Experiments show that, after the process, the

resolution of small targets can be increased, local signal-to-noise ratio be increased and complex background be surprised.
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Fig.1 Three consecutive frames of infrared small targets
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Fig.2  Comparison of the super-resolution reconstruction results
obtained using different methods (a) Vandewalle ('b) Marcel
(¢)Lucchese (d)Keren (e)optical flow (f)the proposed method
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Fig. 3~ Comparison results of small-target detection using
TDLMS on reconstructed images using (a) Vandewalle (b)Mar-
cel (¢)Lucchese (d) Keren (e)optical flow (f) the proposed
method
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Fig.4 (a) Original image enlarged using bicubic interpolation
(¢) TDLMS method applied (b) super-resolution reconstruction
using the proposed method (d) TDLMS method applied
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