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Algorithm for Infrared Pedestrian Detection Based on
Aggregated Channel Features
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Abstract; The pedestrian detection technology based on infrared images has played an important role in night
surveillance, night-time driver assistance and other areas. However, because of low resolution and high signal-
to-noise ratio, most of the existing infrared pedestrian detection methods have poor performance. An alterna-
tive infrared pedestrian detection algorithm based on image feature channels is proposed. In the method, fast
feature pyramids are used to implement sliding window detection in infrared images. The results show that
compared with other conventional algorithms, this algorithm is improved greatly in real-time performance and
robustness.
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