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Remote Sensing Information Extraction Method Based
on Smart Ecological Cells
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2. China University of Mining and Technology, Beijing 100083, China)

Abstract: A remote sensing information extraction method based on smart ecological cells is put

forward. In the method, the crop phenological characteristics, spectral evolution characteristics and

special correlation feedback are combined and the cellular automata, fuzzy reasoning and BP neural

network intelligent computation are fused. By taking the multi-temporal Landsat–7 ETM images as

the experimental data, the monitoring of tobacco acreage planting area based on smart ecological cells

is carried out. The monitoring result shows that this method can effectively improve the extraction

accuracy of remote sensing information and is of value to practical applications.
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i2 · · · and x

n
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in
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Inference System) �*�
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· · · · · · · · · · · ·
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?' Matlab �� newff() D3cl���
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net.trainParam.goal=0.00001;

net.trainParam.epochs=20000;

net.trainparam.show=20;

net.trainparam.lr=0.5;

[net,tr]=train{net,P,T}
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b 2 ghij 2009 kVlmnopqrstuÆvVwxb

ai p * j l * j m * j n * k t * k u * j l * k v * k � * j m * j ro

s]sj / u 36300 18000 6700 3100 4400 22800 3000 12000 16000 24000 146300

A\esj / u 39975 19566 7262 3394 4800 24829 3309 13104 17408 26328 159975

Avqw /% 9.3 8.7 8.4 9.5 9.1 8.9 10.3 9.2 8.8 9.7 9.3

GPS rnfxX / x 837 \epqfxX / x 763 vqw /% 8.9
Aeern

GPS eysj / u 20247 \esj / u 22130 vqw /% 9.3

B\esj / u 38737 19150 7252 3325 4727 24010 3295 12681 17439 25932 156548

Bvqw /% 6.7 6.4 8.2 7.3 7.4 5.3 9.8 5.7 9.0 8.1 7.0

GPS rnfxX / x 837 \epqfxX / x 792 vqw /% 5.4
Beern

GPS eysj / u 20247 \esj / u 21542 vqw /% 6.4

t� A sizwur�rotl` Landsat7 ETM ��XsS\un{vtpXsxqv|htqvqSk

Zsj\ewx� B sir�roJJMNORSZntknoJPQKwxurkZsj��\e�yeeZ

n�Æs��\eZn�ÆSv}twu (100 m) vb�wz{��\efx|xx}�
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