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Study of Autotomatic Human Face Detection in
Infrared Images Based on Adaboost

GUO Ze-cheng, XING Chen, YUAN Guang-lin, WANG Feng
(Artillery Academy of PLA, Hefei 230031, China)

Abstract: In order to implement automatic human face detection and tracking in infrared video images,
an infrared image detection method based on the Adaboost algorithm is proposed. In the method, the
Haar-like characters and integral pictures are used to describe the basic characters of the human face
and the Adaboost algorithm and Cascade algorithm are used to improve the veracity and celerity of
automatic human face detection. It has a detection velocity of 15frames/s and a detection precision of

98.4%. Experimental results show that the Adaboost algorithm has its predominance in the automatic

human face detection in infrared images.
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